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8 Desirable Properties

• Use of geometric proxies
• Unstructured input
• Minimal angular deviation

• Epipole consistency
• Equivalent ray consistency

• Resolution sensitivity
• Continuity
• Real-time
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State of the art limitations
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For both properties: 
• Minimal angular deviation
• Resolution sensitivity

No formal deduction of heuristics
Manual parameter tuning depending on the scene
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⌧̃iṽi(x) = (u � ⌧̃i)(x)
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Support of the 
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angular deviation
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Experiments

Implementation of a simplified camera configuration
4D Light Field
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Stanford multi-camera array
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The (New) Stanford Light Field Archive 

Tarot Truck
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Ground truth

Results
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New generative model for IBR

Unify current knowledge

Improve results

Code available as part of cocolib library

http://sourceforge.net/projects/cocolib/

Conclusion
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http://sourceforge.net/projects/cocolib/
http://sourceforge.net/projects/cocolib/
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Bayesian formulation:
Use physically-sound parameters!

Uncertainty is helpful:
Don’t throw away your covariance matrices!

Take home messages

28
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